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Research on Intelligent Target Detection Application
of Anti-Ship Missiles

WANG Yao, XU Huiqi, ZHANG Xin, JIANG Yi

(Naval Aviation University, Yantai 264001, China)

Abstract: Aiming at the combat demand of realizing anti-ship missiles’ accurate strike on the shielding and
small targets, Al target detection algorithms were applied to the detection of ship targets on the sea by using
YOLOv4 network and verifying the network ’ s performance by self-built data sets, which concludes that
YOLOv4 network can meet the accuracy and speed to detect shielding and small targets, the network’ s
performance was verified further by NVIDIA Jetson TX2 development board. The experimental results show
that the network can improve the detection accuracy about shielding and small targets through the
embedded platform by establishing a mission computer to aid radar, infrared and other guidance modes,
which provides a feasible technical approach to realize delicacy target selection of anti-ship missiles.

Key words: anti-ship missiles; YOLOv4 ; shield; target detection; precision strikes
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USB USB2.0 + USB3.0
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